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Camera Position and Pose Generation Method Based on Performer’s Standing Position
for Performance Shooting

Isao Hemmi™, Hidehiko Shishido™ and Itaru Kitahara™

Abstract --- The quality of the video is greatly affected by the camerawork. Unlike filming a movie,
it is hard to reshoot live entertainment. Therefore, it is more important to consider the camera-
work based on the information obtained in advance. The methods to generate camerawork using
scenarios have been proposed, however, the methods have not considered changes in the standing
positions of the performers on the stage yet. This study proposes an automatic camera work gen-
eration method that uses deep learning to output camera positions and postures for each scene
based on the standing positions of the performers in each scene (keyframe) obtained from the stage

script.
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