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A Method for Estimating Position and Posture between Camera and Subject

for Quantifying Camera-Work of Shooting Video

Jinta Sakai' , Hidehiko Shishido™ and Itaru Kitahara™

Abstract --- Since camera work is positioned as an important technique that emphasizes the
atmosphere and impression of a scene, it has attracted attention as an important element of video
analysis. In this paper, we propose a method to estimate the position and posture of the subject
and camera for camera work quantification. By applying Structure from Motion (SfM) to
monocular video, the 3D information of the scene and the camera position and posture were
obtained. The 3D human pose estimation was also used to estimate the posture of the subject from
the images. We applied the proposed method to videos of dynamic scenes and evaluated the
accuracy of estimating the position and posture of the subject and camera.

Keywords: camera work, 3D pose estimation, human pose, camera pose
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Fig.1 The positional relationship between the camera and the subject calculated using the 3D pose estimated from the monocular video,

and the position and posture of the camera in the shooting scene estimated by 3D shape restoration using images of cropped the

human region are used to estimate the position and posture of the camera and subject in the shooting scene.
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system: obtained by 3D pose estimation)
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