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Fig. 2 Differences in appearance due to differences in spatial

Satellite image (48 cm/pixel)

resolution.
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resolution for image registration.
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Fig. 5 Comparison of estimating corner and edge features.
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Table. 1 Estimation error of the proposed method [pixel].

1 [e/pixel]
481 24(x2) 12(x4) 8(x6) 6(x8) 4(x12)
#01 35.16 11.21 20.83 13.61 FAIL FAIL
#02 99.15 43.45 9.295 3.87 FAIL FAIL
#03 96.61 16.62 17.35 3242 FAIL FAIL
#04 FAIL 11.24 3.02 FAIL FAIL FAIL
#05 187.45 82.28 56.87 FAIL FAIL FAIL
#06 82.18 47.24 10.20  FAIL FAIL FAIL
#07 183.05 56.15 29.74  FAIL FAIL FAIL
Average 113.9 38.3 21.0 16.6

% 2 Bicubic #HIC kB RERERE

Table. 2 Estimation error of bicubic interpolation [pixel].

1 [en/pixel]
48(x1) 24(x2) 12(x4) 8(x6) 6(x8) 4(x12)
#01 35.16 84.03 58.69 119.68 FAIL FAIL
#02 99.15 21.40 50.85 25.75 FAIL FAIL
#03 96.61  144.72 20.09 27.90 FAIL FAIL
#04 FAIL 10.624 15.54  FAIL FAIL FAIL
#05 187.45 210.65 113.15 FAIL FAIL FAIL
#06 82.18 86.10 227.22 FAIL FAIL FAIL
#07 183.05 29.02  FAIL FAIL FAIL FAIL
Average 113.9 83.8 80.9 57.8
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Fig. 8 Datasets with high (left) and low (right) percentages of

positive correspondence in the x6 super-resolution datasets.
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